DETAILS AND SELECTION OF THE STATISTICAL MODELS APPLIED TO THE RESULTS OF THE ROOT-INOCULATED EXPERIMENT
Linear mixed-effects model (LMM)
The data were analyzed using an LMM using the R language. The model used was:

The primary objective of this model was to assess the impact of treatment (inoculated or not) and period on the response variables. Period represented a continuous variable of time, shown in the figures as smoothed curves by weeks (see main text), with the time scale adjusted using average results for two-week intervals.
To account for the repeated measures structure, a random effect for individual plants (ID) was included. This allowed us to model within-plant correlations over time, since each plant was measured repeatedly, while also capturing between-plant variability.
Additional model components were included to address specific assumptions based on residual diagnostics. These are described below:
1. Generalized linear mixed-effects model (GLMM)
Data were transformed using logarithmic or square root functions when normality assumptions were violated. However, if assumptions remained unmet even after transformation, alternative distributions suitable for count data (e.g., Poisson) were employed using the family argument in R. 
2. Natural Splines
To model nonlinear temporal trends in response variables (e.g., the number of healthy leaves, flowers, or fruits), natural splines were incorporated using the (ns)) function from the splines package in R. The argument df = X specifies the degrees of freedom, which determines the number of internal knots and, consequently, the flexibility of the fitted curve. 

In the model output tables, spline components are displayed in the fixed effects summary as period[X], where X denotes a specific segment of the period determined by the chosen degrees of freedom.
Model Selection
Optimal model selection was guided by a combination of graphical diagnostics using the DHARMa package in R and the Akaike Information Criterion (AIC). This method helps prevent overfitting and ensures that nonlinear patterns are accurately identified.

RESULTS FROM THE MODELS
Analysis Root Treatment vs Control
[bookmark: _GoBack]Total Leaves
Table 1S. Statistical model and output summary for the Total number of Leaves.
	Model formula: HT ~ treatment * ns (period, df = 2) + (1 | ID)

	Random Effects: Random intercept for ID (Plant)

	Family: Gaussian (log)

	Splines: 2 degrees of freedom – ns (df = 2)

	Dispersión: ~ NO

	Fixed Effects
	Estimate
	Std. Error
	z value
	p-value
	 

	(Intercept)
	0.949
	0.067
	14.230
	<2e-16
	***

	treatment (Root vs Control)
	0.012
	0.093
	0.130
	0.897
	 

	period[1]
	1.476
	0.126
	11.710
	<2e-16
	***

	period[2]
	0.765
	0.041
	18.880
	<2e-16
	***

	treatment × period[1]
	0.267
	0.173
	1.550
	0.122
	 

	treatment × period[2]
	0.234
	0.054
	4.370
	1.26e-05
	***

	Random Effects 
	Variance
	Std. Dev.
	 
	 
	 

	ID
	0.010
	0.099
	 
	 
	 

	Residual
	0.609
	0.780
	 
	 
	 




Healthy Leaves
Table 2S. Statistical model and output summary for Healthy Leaves.
	Model Formula: HB ~ treatment * ns(period, df = 2) + (1 | ID)

	Random Effects: Random intercept for ID (Plant)

	Family: Gaussian (identity)

	Splines: 2 degrees of freedom - ns(df = 2)

	Dispersión: ~ NO

	Fixed Effects
	Estimate
	Std. Error
	z value
	p-value
	 

	(Intercept)
	1.646
	0.310
	5.310
	1.10e-07
	***

	treatment (Root vs Control)
	0.078
	0.438
	0.180
	0.859
	 

	period[1]
	4.904
	0.660
	7.430
	1.12e-13
	***

	period[2]
	2.200
	0.363
	6.060
	1.39e-09
	***

	treatment × period[1]
	2.598
	0.934
	2.780
	0.0054
	**

	treatment × period[2]
	2.097
	0.514
	4.080
	4.44e-05
	***

	Random Effects 
	Variance
	Std. Dev.
	 
	 
	 

	ID
	0.235
	0.485
	 
	 
	 

	Residual
	1.500
	1.225
	 
	 
	 



Flowers
Table 3S. Statistical model and output summary for Flowers.
	Model Formula: FL ~ treatment * ns(period, df = 2) + (1 | ID)
	

	Random Effects: Random intercept for ID (Plant)
	

	Family: Gaussian (sqrt)
	

	Splines: 2 degrees of freedom - ns(df = 2)

	Dispersión: ~ NO

	Fixed Effects
	Estimate
	Std. Error
	z value
	p-value
	 

	(Intercept)
	0.392
	0.235
	1.670
	0.0366
	*

	treatment (Root vs Control)
	0.343
	0.331
	1.040
	0.300
	 

	period[1]
	2.173
	0.183
	11.870
	<2e-16
	***

	period[2]
	0.494
	0.078
	6.300
	2.98e-10
	***

	treatment × period[1]
	1.037
	0.249
	4.160
	3.18e-05
	***

	treatment × period[2]
	0.303
	0.099
	3.070
	0.00214
	**

	Random Effects 
	Variance
	Std. Dev.
	 
	 
	 

	ID
	0.657
	0.811
	 
	 
	 

	Residual
	0.791
	0.889
	 
	 
	 



Fruits
Table 4S. Statistical model and output summary for Fruits.
	Model Formula: FR ~ treatment *ns(period, df = 2) + (1 | ID)
	

	Random Effects: Random intercept for ID (Plant)
	

	Family: Poisson (log)
	

	Splines: 2 degrees of freedom - ns(df = 2)

	Dispersión: ~ NO

	Fixed Effects
	Estimate
	Std. Error
	z value
	p-value
	 

	(Intercept)
	-7.598
	2.106
	-3.607
	3.0e-03
	***

	treatment (Root vs Control)
	2.818
	2.331
	1.209
	0.04226
	*

	period[1]
	10.295
	3.741
	2.752
	0.006
	***

	period[2]
	2.882
	0.944
	3.052
	0.003
	***

	treatment × period[1]
	-2.023
	4.142
	-0.488
	0.625
	 

	treatment × period[2]
	-0.622
	1.049
	-0.593
	0.553
	 

	Random Effects 
	Variance
	Std. Dev.
	 
	 
	 

	ID
	2.609
	1.615
	 
	 
	 

	Residual
	NA
	NA
	 
	 
	 



Runners
Table 5S. Statistical model and output summary for Runners.
	Model Formula: ES ~ treatment * period + (1 | ID)
	 

	Random Effects: Random intercept for ID (Plant)
	 

	Family: Gaussian (identity)
	 

	Splines: NO

	Dispersión: ~ NO

	Fixed Effects
	Estimate
	Std. Error
	z value
	p-value
	 

	(Intercept)
	0.386
	0.245
	1.570
	0.116
	 

	treatment (Root vs Control)
	-0.329
	0.347
	-0.950
	0.344
	 

	period
	3.849
	0.336
	11.460
	<2e-16
	***

	treatment × period
	0.214
	0.475
	0.450
	0.653
	 

	Random Effects 
	Variance
	Std. Dev.
	 
	 
	 

	ID
	0.463
	0.680
	 
	 
	 

	Residual
	0.634
	0.800
	 
	 
	 



